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A recommender system is a subclass of information filtering system that
seeks to predict the "rating” or “preference” a user would give to an item.
——wiki
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— ETFiciZ(Memory-based) <
EFRHPFP(user-based)
V4B (Neighborhood-based) &)
l EF RN (item-based)
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*B %9 8 (Matrix Factorization)
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Spark MLlib SEII—"Ei B E T 1B E D ENEE R 4G

from pyspark import SparkContext
from pyspark.mllib.recommendation i1mport ALS

sc = SparkContext ()
sc.setCheckpointDir ('/Users/forrest/Documents/data/checkpoint/")

ratings file = '/Users/forrest/Downloads/data/user movies desensitization.csv'
ratings raw data = sc.textFile(ratings file)

ratings data = ratings raw data.map(lambda line: line.split(",")) .map(lambda tokens: (token
s[0], tokens[l], tokens[2])).cache /()

training RDD, validation RDD, test RDD = ratings data.randomSplit([6,
alidation_for predict RDD = validation RDD.map (lambda x: (x[0]
test for predict RDD = test RDD.map(lambda x: (x[0], x[1])) S

.train(training RDD, best rank, seed=seed, iterations=best iterations, lambda =Db

10))
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"name": "app_home_feed",

"global_filter": "unique_item_filter",

"global_ranker": "app_home_global_ranker_20190916_1003",
"global_wrapper": "app_home_wrapper_exp_20191016",
"count”: 15,

"experiment_id": ",

"activity_stream": [{

"name": "alg_wheel_1",
"type": "alg_wheel",
"item_type": 1,

"count": 15,

"cache_prefix": "alg_wheel:1",
"recaller": [{
"name"; "article_icf _recaller"

| - .
"name": "article_content_based_recaller_v2" kﬁ H]%M@E@BE
|

"name": "mf_article_feed recaller”,
"count": 100

1
“filter": [],
"featurer": [{
"name": "app_home_article_featurer”

HE

“first_ranker": [{

"'name"; "app_home_first_ranker_exp_20191113_mf_u2u"

HE

"second_ranker": [{

"'name"; "article_app_home_ctr_ranker_1004"

HE

"re_ranker": [{

"'name"; "article_app_home_reranker"

1]




%E%Egéi\i 2P ER—IECIRD)

51 // multi activity stream
52 sp.Annotate(time.Now(), "Do fetch multi activity stream™)
53 for _, wheelConfigJson := range conf.ActivityStreamConfiglson {

54 // fetch wheel config => wlc

55 wlc, _ := GetWheelConfigFromlson(req, &wheelConfigJlson)
56 // fetch wheel => wl

Y4 wi, _ := engine.Engine.New(wlc.Type)

58 it wl, ok := wi.(wheel.Wheel); ok {

59 count++

00 // Do wheel roll

| 61 go func(wl wheel.Wheel, _wlc *wheel.WheelConfig) {

LY ch <- _wl.Roll(&newCtx, req, _wlc, showedArticlelds)
63 t(wl, &wlc)

64 } else {

65 log.Err(wheelConfiglson.Name + " wheel convert failed !")
continue




Abl-AF . ST ERUERE]

52 //Do recall

53 recalledFeedCells := alg.AddMultiRecaller(ctx, req, showedItemIds, conf.Recaller...)

54 //Do filter

55 filterdFeedCells := alg.AddMultiFilter(ctx, req, recalledFeedCells, conf.Filter...)

56 //Do first ranker

Y4 firstRankedFeedCells := alg.AddMultiRanker(ctx, req, filterdFeedCells, conf.FirstRanker...)
58 //Do featurer

59 featuredFeedCells := alg.AddMultiFeaturer(ctx, req, firstRankedFeedCells, conf.Featurer...)
60 //Do second ranker

61 secondRankedFeedCells := alg.AddMultiRanker(ctx, req, featuredFeedCells, conf.SecondRanker...)
(Y //Do re reanker

63 rerankedCells := alg.AddMultiRanker(ctx, req, secondRankedFeedCells, conf.ReRanker...)

r A

Zd o

100 // 2 K& A [
101 func (alg AlgWheel) AddMultiRecaller(ctx *context.Context, req *model.FeedRequest, showedItemIds []int64, rs ...RecallerConfig) (feedCells [Jmodel.FeedCell) {
var ch = make(chan [Imodel.FeedCell)
for _, r := range rs {
go func(fr recaller.Recaller, amount int, name string) {
feedCells := fr.Recall(ctx, req, amount, showedItemIds)
ch <- feedCells
}(r.Recaller, r.Count, r.Name)
}
for i :=0; 1 < len(rs); i+ {
feedCells = cppend(feedCells, <-ch...)

}

return




ADD | RECALLER | {'"name": "alg_wheel_1", "recaller": {'name": "ucf_via_mf_user_vector_article_feed_recaller’, "count": 200}}&
SET | WHEEL | {"name": "alg_wheel_1", "first_ranker": []}&

ADD | FIRST_RANKER | {"name": "alg_wheel_1", "first_ranker": {'name": "app_home_first_ranker_exp_20191113_mf_u2u'}}
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ms_feed x28

Services 40.794ms 81.5688ms

0203.971ms : post:/feed]list
0203.126ms : appOome_feed
. 046.075ms : intervention_wheel
m . 046.050ms : article_user_credit_recaller-
. 021.368ms :Qlg_wheel O 0
08.547ms : Oticle_feedback_recaller
07.457ms Oanker
. 05.296(Cs : featurer
. 043.328ms : intervention_wheel
043.291ms : editor_hot_article_recaller -
E ms_feed . 0OM3.605ms : alg_wheel
. 0101.254ms : video_personalized_recaller
. 0213us : intervention_wheel
@Q91us : app_home_stick_recaller
E ms_feed . 036.247ms : intervention_wheel
036.208ms : article_friend_relation_recaller
0CB.547ms : alg_wheel o]
017.408m:s : article_icf_viOn_also_view_recaller
08.406ms : article_icf_recaller
O149m:s : article_daily_hot_recaller-
010.869ms : arlCle_content_based_recaller_v2
(016.425ms : ranker O
06.724m<Q featurer
018.129ms : ranker o]
04.58Dns : ranker

oot

122.383ms

74us : global filter
354ps-: global ranker
86.131ms : global wrapper

163.177ms

203.971ms
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